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* Create evaluation methods of MIDI-to-MIDI alighment of piano duet parts
* End goal is to create a robust performance-to-score alignment for quantifying
ensemble coordination in distributed performance
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MIDI Performance with projected onsets

Evaluation & Preliminary Results

Local Quantization
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For each note in the score we use the onset time to find
the matched time slice in the expressive performance | rverage
file, and search within a window for that note. If the no adjustment

Error Window Size note is found, then the alighment is deemed correct, ‘ S| P Y
v and when it is not, we note that an error has occurred.
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